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Abstract. Problem gambling endangers the mental health and finan-
cial stability of those affected. Individuals who are trying to overcome
this problematic behavior often seek support in self-help groups, whether
offline or online. Although online gambling self-help groups have become
increasingly prominent in recent years, research is still needed to fully
understand the social interactions and effectiveness of this medium. In
this paper, we analyze behavior of problem gamblers in two gambling
self-help communities on Reddit. In particular, following social impact
theory, we quantify the strength, frequency, and promptness of users’
social interactions and measure their effects on problem gamblers’ reten-
tion in the community, as well as on their relapse to gambling. Firstly,
we find that the magnitude of the community response, and a higher re-
sponse from users who currently sustain prolonged gambling-free periods
are positively associated with retention in the community. Secondly, our
relapse analysis indicates that users who engage more strongly in dis-
cussions following their own submissions have a lower risk of gambling
relapse. We believe that our findings provide useful insights on how to
improve support for problem gamblers in online self-help communities.

Keywords: Social impact · Problem gambling · Online self-help groups.

1 Introduction

Online and land-based gambling are wide spread forms of recreation and safe
for most individuals [6,22]. Nevertheless, a small but significant number of in-
dividuals suffer from severe negative consequences of gambling, including finan-
cial problems or psychological distress induced by problematic gambling behav-
ior [10,11]. Therefore, preventing and curbing problematic gambling behavior
has become a major concern for clinicians, researchers, and policy-makers lead-
ing, among others, to the development of so-called responsible gambling tools.
Such tools enable gamblers to control and limit their gambling behavior through
money and time spending limits, mandatory cooling-off periods, or voluntary
self-exclusions [1,2,14,21]. However, money and time limits can be changed after
a certain period, and gamblers might circumvent platform-specific self-exclusions
⋆ Both authors contributed equally.
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by registering on other gambling platforms. For this reason, problem gamblers
usually need additional support during the critical phase of their rehab to help
them prevent gambling relapses.

One widely available and cost-effective support measure are self-help groups
(e.g., “Gamblers Anonymous”), which provide supportive environments for prob-
lem gamblers to receive help and advice for personal problems [27,30]. Besides
traditional offline self-help groups, recent studies have also shown that brief mo-
tivational treatments via telephone [12,16] as well as online forums and online
self-help groups are effective in supporting problem gamblers [13].

Online self-help groups also exist on Reddit, a community-driven discussion
platform [29] and one of the most popular websites on the Internet1. Reddit ag-
gregates a large amount of so-called subreddits (i.e., communities and discussion
forums), in which registered users can submit text or media posts (submissions)
for others to comment on [5]. Due to its anonymity, Reddit allows users to discuss
negative feelings as well as personal experiences more openly with like-minded
users. However, to successfully provide peer-to-peer support through such an
online platform, users need to actively engage with each other [28]. Similar as
in offline self-help groups, a person who seeks support (support seeker) needs to
interact with a person who is willing to provide support (supporter).
Research questions. In this paper, we focus on self-help subreddits related to
problem gambling and gambling addiction. Given Reddit’s unique characteris-
tics, we address the following research questions in this paper:

– RQ1: What factors affect support seeker retention in online self-help groups?
– RQ2: What factors affect the risk of relapse for support seekers?

Approach. We address these research questions using a theory-driven approach
and derive a set of indicators based on social impact theory [18] to quantify the
interaction between support seekers and supporters on Reddit. Specifically, we
operationalize (i) supporter strength by the percentage of positive comments and
the percentage of comments from players currently in rehab that support seek-
ers’ submissions receive, (ii) the social immediacy by the percentage of comments
they receive shortly after they post their submissions, and (iii) the interaction
magnitude as the number of supporters commenting on their submissions. Fur-
thermore, we apply those indicators to estimate the risk of relapse for individual
support seekers using a well-known Cox proportional hazards model.
Results. We find that the number of comments on the support seeker’s first sub-
mission as well as the percentage of comments by supporters who themselves are
currently in rehab have a substantial positive effect on the seeker’s retention. For
example, each additional comment to the seeker’s first submission increases the
odds of making another submission by more than 10%. Similarly, a one percent
increase of comments made by supporters currently in rehab is associated with
almost one percent increase in the odds of seekers making another submission.
Further, our results on relapse indicate that user’s self-motivation together with
positive response from supporters are associated with reduced relapse hazard.
1 https://www.similarweb.com/top-websites/
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Contributions. As opposed to the study of emotions and sentiment in online
gambling communities [17], our work is, to the best of our knowledge, the first
to investigate social interactions in self-help groups for gambling problems on
Reddit. Contextualizing our work within the framework of social impact theory
enables us to focus on a specific set of variables to study social interactions in
online self-help groups and, in particular, in online gambling self-help groups.
We believe that our findings provide actionable insights on how to steer on-
line communities to better support problem gamblers in their efforts to curb
their problematic gambling behavior, and hence improve their quality of life.
For example, problem gambling subreddits may introduce bots or guidelines that
could—based on our results—encourage support seekers to keep reporting their
process and supporters to comment on submissions of support seekers. Lastly,
we make the Python and R scripts used for this work available online2.

2 Materials and Methods

2.1 Data

Reddit communities. Reddit covers a wide variety of topics across hundreds of
thousands of active subreddits, where users can consume and contribute content
based on their interests [31]. For example, a user interested in video games
and American Football might engage with the subreddits /r/gaming and /r/nfl
(note that the /r/ is a naming convention for communities on Reddit—similar
to @ preceding account names on Twitter). Besides these examples of casual
discussion topics, some users also use Reddit to get help in challenging times,
such as emotional support during the COVID-19 crisis [4,19], community aid for
drug addiction, rehab and withdrawal [3,20], or advice for problem gambling [17].
Problem gambling subreddits. For problem gambling, there are several sub-
reddits that offer support for affected individuals. In this work, we focus on
/r/problemgambling and /r/GamblingAddiction, as those are the most prolific
subreddits covering this topic. These subreddits act as online self-help groups
where support seekers disclose their negative gambling experiences, ask other
users for support, or keep a diary about their journey to becoming gambling-
free in diary-like submissions. Such diary-like submissions usually include a brief
title indicating how many days support seekers have been gambling-free (e.g.,
“Day 0”, “Day 13”, “Week 3”), and a text describing their general feelings and state
of mind. Figure 1 gives an example of such a submission on /r/problemgambling.
In this submission, the support seeker (blue) admits to a relapse, while addition-
ally expressing negative feelings about it. Afterwards, a supporter (gold) adds
a comment to the submission, encouraging the support seeker to keep going
and that this setback “does not stop the momentum” they “have created in this
fight”. The supporter also has a so-called flair next to their name, showing that
the supporter is currently gambling-free for 13 days. Finally, the support seeker
greatly appreciates the comment by responding “your words mean more than you
2 https://gitlab.tugraz.at/3B57777CAD304A73/reddit-gambling
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Fig. 1: Diary-like submission on /r/problemgambling. A submission on
/r/problemgambling, in which a support seeker (blue) elaborates that they re-
lapsed and have to restart their gambling-free journey, as indicated by “Day 0”
in the title. A supporter (gold)—also themselves a problem gambler currently in
recovery, as indicated by their gambling-free flair (“13 days”)—consoles the sup-
port seeker via a comment, which the support seeker appreciates by responding
positively to that comment.

can imagine” to the supporter. Overall, this exchange illustrates the dynamics of
these problem gambling subreddits, and exemplifies the characteristics of such
diary-like submissions that mimic traditional offline self-help groups.
Data collection & preprocessing. We use the Pushshift API [5] to retrieve all
submissions and comments for /r/problemgambling and /r/GamblingAddiction
from January 2014 up until December 2020. Afterwards, we extract all submis-
sions resembling diary-like entries that mention temporal progress (e.g., “Day
0”, “Week 3”, “Month 5”) through a regular expression and ignore submissions
by accounts that have been deleted since then. For the extracted submissions,
we collect the author’s username, contribution timestamp, and title. Further-
more, for all comments to these submissions we collect the user name and flair,
timestamp, as well as the text of the comment.

From the collected data, we then compute the following features for each
submission: (i) the number of comments (both by the submission seeker as well as
supporters), (ii) the percentage of supporters having a flair, (iii) the percentage of
comments within one hour of the submission, and (iv) the percentage of positive
comments. We calculate sentiment scores (between −1 and 1) of raw comment
texts using VADER, and utilize a threshold of greater than 0.05 (less than −0.05)
to label comments as positive (negative) [15].
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In this work, we only consider submissions by support seekers for which the
day they report in their first submission equals “Day 0” or “Day 1”. We treat both
0 and 1 as valid first submissions, because that is how support seekers typically
document their first day in rehab on the problem gambling subreddits. With
this, we ensure our dataset does not include left-censored data (i.e., support
seekers starting to report days after the start of their rehab) [9]. Overall, our
pre-processed dataset contains 958 support seekers with an average (median) of
5.53 (1) submissions, 5 298 total submissions with an average (median) of 2.36
(1) comments, and 12 506 comments in total.

2.2 Social Impact Indicators on Reddit

In this work, we propose a framework to assess the social impact of the Reddit
community on problem gamblers. Social impact (I) is driven by three forces [18]:

I ∼ S × i×N, (1)

where S is the strength or power of individuals on the target, i the immediacy
or proximity of individuals to the target, and N the number of individuals. We
quantify the social impact of the Reddit community by analyzing commenting
behavior on the first submission of support seekers signaling the start of their
rehab. We operationalize the social impact I by measuring whether support
seekers make a second submission in the corresponding problem gambling sub-
reddit (RQ1), and whether they relapse after a certain period of time (RQ2).
Furthermore, we quantify the three forces S, i, and N by: the percentage of
supporters with a flair and the percentage of positive comments by supporters
(S), the percentage of comments within the first hour (i), and the total number
of comments on (N) the first submission.

2.3 Retention Analysis

Retention dataset. To assess the effects of the Reddit community on support
seeker retention in online self-help groups, we analyze their first submissions
and determine whether they contributed at least another submission within a
30-day observation period. As our measures of social impact include percentage
calculations based on the number of received comments (e.g., the percentage of
comments by supporters within the first hour), we only analyze submissions with
at least one comment. In addition, we remove the top 5% of submissions with
the highest number of comments to reduce the impact of outliers. Therefore, we
consider only posts with less than 10 comments. We refer to this as the retention
dataset, which we utilize to predict whether a support seeker will create another
submission solely based on social impact features of their first submission. The
retention dataset contains the first submission of 782 support seekers, with an
average (median) of 3.6 (3) comments per submission.
Approach. We fit a logistic regression to measure the social impact of the Red-
dit community on the retention of support seekers. A binary variable indicating
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whether a support seeker makes at least one other submission within 30 days
after their first submission forms the dependent variable, and our measures for
social impact form the independent variables. Specifically, we fit a logistic re-
gression modeling the probability of the binary retention variable r for user i as
Pr(ri = 1) = logit−1(XXXiβββ), where XXXi is the feature (predictor) vector of user i
and βββ is the vector of coefficients. The logistic model for r is then:

r ∼ n+ f + p+ h, (2)

where n is the number of comments to the support seeker’s first submission,
f the percentage of comments for the first submission coming from supporters
with the gambling-free flair, p the percentage of positive comments for the first
submission, and h the percentage of comments posted in one hour after the first
submission of a given support seeker.

The coefficients βββ can be interpreted as follows. In logistic regression, loga-
rithm of the odds for retention of user i equals the linear predictor, i.e.,

log

(
Pr(ri = 1)

Pr(ri = 0)

)
=XXXiβββ, (3)

and hence increasing the j-th predictor (i.e., Xij) by 1 has the effect of adding the
corresponding βj coefficient to both sizes. Exponentiating both sides multiplies
the odds with a factor of eβj , which is interpreted as the multiplicative factor
for the odds corresponding to a unit difference in the j-th predictor.

2.4 Relapse Analysis

Relapse dataset. To analyze the relapse risk, we begin by aggregating first
submissions of relapsed support seekers. For this, we only consider support seek-
ers that contributed at least one other submission within 60 days after their
first submission. We then detect whether they relapse or not by examining their
self-reported days since the start of their rehab. Specifically, we label an indi-
vidual as relapsed if they first create one or multiple consecutive diary entries
documenting their gambling-free journey (e.g., “Day 0”, “Day 5”, etc.), before
then self-reporting a relapse by creating a post that is again titled “Day 0” (or
“Day 1”). If a support seeker relapses, we also record the number of days since
their first submission. We refer to this dataset as the relapse dataset, as we use
it to investigate the factors leading to relapse during gambling addiction rehab.
The relapse dataset contains 338 first submissions by users that posted at least
twice, with an average (median) of 5.33 (4) comments per submission.
Right-Censored Datasets. Note that through our preprocessing, the reten-
tion dataset as well as the relapse dataset are right-censored. A dataset is con-
sidered right-censored when records about the investigated event—in our case,
the self-reported relapse in the relapse dataset or the second submission in the
participation dataset—exist only for parts of the support seekers within the re-
spective observation period [9]. For example, considering the relapse dataset,
right-censoring may occur due to three reasons. First, support seekers might not
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have relapsed by the time the observation period ended and thus no information
about this event might exist. Secondly, they could have experienced a relapse
during the observation period but might have not reported it. Lastly, a support
seeker may have experienced a different event which did not allow them to com-
plete the full observation period (e.g., in the most extreme case, death). Overall,
out of our 338 support seekers in the relapse dataset 117 experienced a relapse
event during the 60-day observation period.
Approach. The analysis whether (or how long) an individual “survives” an ob-
servation period without encountering an event has been termed survival analysis
in past research [7,8,20,26]. Survival analysis is especially convenient for right-
censored data, such as our relapse dataset. In the following, we briefly touch
on the aspects and metrics most relevant to survival analysis as performed in
this work: The Kaplan–Meier survival estimate as well as the Cox proportional
hazards model.
Kaplan–Meier survival estimate. To estimate the probability of not relaps-
ing, we use a so-called survival estimate. In particular, the probability that indi-
viduals survive to a given time in an observation period can be estimated using
the Kaplan–Meier (KM ) survival estimate [9]. The KM estimate computes the
cumulative survival probability S for each point in time as following:

S(tj) = S(tj−1)(1−
dj
nj

) S(0) = 1, t0 = 0 (4)

Equation 4 recursively computes a step survival function S over time, where
value of S changes at each event trigger tj . Events typically refer to “deaths”
(i.e., support seeker’s relapse). Computation of S in the KM estimate takes into
account the number of “alive” individuals (nj) at tj as well as the number of
events or deaths dj happening at tj . In this way, both censored and uncensored
individuals contribute to estimating S by providing information for the time they
were not exposed to an event (i.e., in our case, relapse). Overall, to estimate the
probability of survival at any point during the observation period, the KM
estimate considers, for each individual, the last reported day and whether the
event was observed up to that day.
Cox proportional hazards model. To estimate the effect of social impact
features on Redditor’s relapse into gambling, we utilize a semi-parametric Cox
proportional hazards model (“Cox regression”). A Cox regression is a regression
model that estimates the probability of an event occurring given a set of features
xi via a hazard function h [7]. This hazard h is derived from the nonparametri-
cally estimated survival probability, i.e., from the KM estimator [9]:

h(t) = − d

dt
[logS(t)] (5)

Using this hazard function, we can mathematically express a Cox regression:

h(t) = h0(t)× exp(β1x1 + β2x2 + · · ·+ βpxp) (6)

In Equation 6, the hazard function h(t) describes the probability that an
observed individual (i.e., a recovering gambling addict) observes the event (i.e.,
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a relapse) at a given point in time t. Correspondingly, the estimated baseline
hazard h0(t) equals the hazard if all features (xi) are 0, similar to the intercept
in a regular multivariate regression setup but varying with time t. All features xi

are accompanied by a respective coefficient βi, which describes the effect of the
feature xi on the hazard. Coefficients are usually interpreted in their exponential
form eβi , which is termed “hazard ratio”. A hazard ratio (HR) greater than 1 sig-
nals that as the value of a variable increases, the hazard also increases and thus
the estimated length for survival decreases (i.e., the time to relapse shortens).
Consequently, a HR smaller than 1 corresponds to a decrease in hazard and
therefore an increase in survival time when the associated variable increases,
while a HR of exactly 1 means that the variable has no effect on the hazard.
Altogether, a Cox regression can be understood as a multivariate linear regres-
sion with the logarithm of the hazard function as the dependent variable and
the features xi as the independent variables, while HR measures the effect sizes
of the corresponding xi.

Using this survival analysis framework, we fit multiple Cox regressions on
support seekers’ first submissions in the relapse dataset, utilizing the same social
impact features as we did in the retention analysis: the percentage of comments
by supporters with flair, percentage of comments by supporters with positive
sentiment, percentage of comments within one hour after the submission, and
total number of comments.

3 Results and Discussion

3.1 Retention

In Figure 2a we show the exponentiated coefficients reduced by 1, i.e., we show
100(eβj −1), which we interpret as percentage change in the odds corresponding
to the j-th predictor. For each coefficient we also show 95% confidence inter-
vals. We can then interpret coefficients with confidence intervals not crossing
zero either from above or from below as having a significant positive or negative
effect, respectively, on support seeker retention. In our data, we observe that
the number of comments a support seeker receives on their first submission, as
well as the percentage of comments from supporters with gambling-free flair,
both have a significant positive effect on the odds of support seekers making
at least one further submission. Numerically, this means that each additional
comment increases the odds of a support seeker making a second submission by
10.21%. Similarly, we observe that when the percentage of comments from sup-
porters with flair increases by one (ten) percents, the odds of making a second
submission increase by approximately 0.84% (8.4%). Both the percentage of pos-
itive supporter comments and the percentage of comments within the first hour
are non-significantly associated with the outcome variable as their confidence
intervals intersect with zero. The model achieves a Nagelkerke R2 of 0.033 [24].

In Figures 2b and 2c we also show the relationship between the percentage
of support seekers making another submission and the number of comments, as
well as the percentage of supporters commenting with a flair. In both figures,
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Fig. 2: Retention analysis using logistic regression. Figure (2a) shows the
change in odds of the independent variables, where a one-unit change in the
predictor variable translates into a corresponding percentage change in the odds
of making another submission. Both the number of comments, as well as the
percentage of supporters with flair have a significant positive effect on the odds
of making another submission. Figures (2b) and (2c) highlight the positive cor-
relation between the two significant predictor variables and the percentage of
gamblers making another submission.

we observe that the more comments support seekers receive, and the higher the
percentage of supporters commenting with a flair, the higher the percentage of
support seekers making another submission. Altogether, our analysis indicates
that two of our conceived social impact features (i.e., number of comments and
presence of supporters with flair) have significant effects on support seeker re-
tention, suggesting the relevance of such features.

3.2 Relapse

First, we compute the KM estimate for the cumulative survival function, which
we plot in Figure 3a. We observe a monotonically decreasing survival probabil-
ity, with slightly higher relapse probabilities in the first 10 days. The relapse
probability has another peak around day 50. Using this estimate, we proceed
to fitting several Cox regressions. To that end, we perform multiple univariate
Cox regressions using each social impact feature individually before then fitting
a multivariate regression using all features.

Although the univariate models generally signal a reduction of the hazard by
the social impact features, none of the employed features affect survival signifi-
cantly (p > 0.1, cf. first column in Table 1). Most notably, the HRs for percentage
of positive supporter comments and the percentage of supporter comments with
flairs (i.e., also currently recovering gamblers) indicate that interacting with in-
dividuals who are going through the same recovery process as well as receiving
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Fig. 3: Relapse analysis using KM survival function. In Figure (3a), the
plot for the KM survival curve computed for the relapse dataset depicts a regu-
larly decreasing survival function, with slightly higher risk for relapse in the first
10 days as well as high risks of relapse around day 50. In Figure (3b), the KM
estimate is shown for two groups of individuals: support seekers who commented
on their own first submissions (cyan curve) and those who did not (red curve).
The survival curve hints towards support seekers who show self-motivation to
engage with the community being more successful in surviving until the end of
the observation period (logrank test, p = 0.1).

positive encouragement prolong survival times for support seekers (HR of 0.6817
and 0.8329, resp.). Next, we fit a Cox regression combining all of our social im-
pact features. This multivariate model yields similar insignificant HRs (p > 0.3)
for all features and does not numerically differ considerably from the univariate
models (cf. second column in Table 1). Altogether, our investigation of the in-
fluence of social impact on support seeker survivability does not yield significant
results, although a trend in reduction of the hazard is observable for some of the
social impact indicators.
Effect of self-motivation on survival. Due to the non-significant effect of
social impact features on survival, we now extend our analysis to also include
self-motivation. For this, we categorize all support seekers in the relapse dataset
(338 users) into two groups signaling whether they themselves commented on
their first submission or not (189 and 149 users, resp.). We consider this to be an
indicator of (self-)motivation to actively engage with others in an online self-help
group. The KM survival curves for the corresponding two groups (Fig. 3b) hint
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Table 1: Cox regression results. The hazard ratio (HR) computed from the
coefficients (βi) as well as their 95% confidence interval (CI) and p-values (Wald
test) for both univariate and multivariate analysis of social impact features.

Univariate analysis Multivariate analysis
Covariate HR[exp(βi)] 95% CI p-value HR[exp(βi)] 95% CI p-value

#comments 0.971 (0.923–1.018) 0.219 0.992 (0.939–1.048) 0.777
% positive comments 0.682 (0.401–1.159) 0.157 0.736 (0.407–1.331) 0.310

% comments with flair 0.833 (0.411–1.687) 0.612 1.040 (0.491–2.205) 0.918
% comments within 1h 0.959 (0.733–1.124) 0.159 0.970 (0.907–1.037) 0.369

toward support seekers that are motivated to comment on their own submission
having slightly higher chance of survival (logrank test, p = 0.1). Moreover, we
investigate the difference in effects between the two groups for our social impact
features using Cox regression. While we find no significantly different effects for
the number of comments (HR= 1.126, p = 0.125), percentage of comments with
flair (HR= 0.947, p = 0.22), or percentage of comments within one hour after
the submission (HR= 0.072, p = 0.51), we observe a significant difference for
the percentage of positive comments (HR= 0.286, p < 0.05). This suggests that
support-seekers that exhibit self-motivation in commenting on their own posts
benefit considerably more from receiving positive encouragement than those that
do not. Overall, future work attempting relapse analysis in online support groups
may also consider such characteristics of self-motivation as relevant factors.

3.3 Limitations

There are several limitations of our analysis. Firstly, Reddit only covers a por-
tion of the population affected by problematic gambling behavior. Most Reddit
users are younger than 40, male, and from the United States (75.2%, 62.8%, 50%
of all users, respectively3). Thus, we can assume that other demographics are
underrepresented in our dataset. Secondly, our investigated sample may be even
more biased as we strictly focus on problem gamblers that self-select to actu-
ally report on their problems online. Therefore, gamblers without the motivation
to actively engage in online discussions of their problems with others are also
underrepresented in our sample. Thirdly, although we took care about control-
ling for several factors such as left- and right-censored data or self-motivation
in engaging with the community, we still mainly reported on correlations and
predictive effects (as opposed to causal effects) of social impact indicators on
retention and relapse of gamblers. We leave the investigation of causality as a
promising avenue for future research. On a separate note, Latane [18] mentions
mulitple limitations of social impact theory. For example, the initial theory does
not consider people as active seekers of social impact. In addition, the model
does not allow for dynamic components. This is also prevalent in our analysis,
3 From: statista.com/statistics/1125159/reddit-us-app-users-age,

statista.com/statistics/1255182/distribution-of-users-on-reddit-worldwide-gender,
statista.com/statistics/325144/reddit-global-active-user-distribution

https://www.statista.com/statistics/1125159/reddit-us-app-users-age
https://www.statista.com/statistics/1255182/distribution-of-users-on-reddit-worldwide-gender
https://statista.com/statistics/325144/reddit-global-active-user-distribution


12 N. Hopfgartner et al.

as we mostly consider features of user’s first posts. Future work could incorpo-
rate information from user’s later posts to gain further insights about the social
impact Reddit’s online self-help groups have on problem gamblers.

4 Conclusions

In this work, we propose a framework on how to measure the social impact of the
Reddit community on problem gamblers who seek support online. The framework
is based on social impact theory and aims to operationalize its factors to analyze
social interactions between users in self-help gambling communities on Reddit.

Our results suggest that a higher number of comments from supporters, as
well as a higher percentage of supporter comments with gambling-free flair in-
crease the retention of support seekers in online self-help groups on Reddit. We
additionally analyze the effect of social impact on relapses of recovering problem
gamblers using survival analysis, but obtain mostly statistically non-significant
results. The only statistically significant exception is related to support seekers
who engage in the discussion with others, e.g., by commenting on their own first
submission. For those users, the percentage of positive comments from others
has a positive effect reducing the probability of their relapse and indicating that
a positive encouragement for motivated support seekers is beneficial.

There are multiple possibilities for extending the work presented in this
paper. Firstly, user activity in subreddits other than /r/problemgambling and
/r/GamblingAddiction could be taken into account. It might be possible that
behavior of recovering addicts as indicated by their Reddit activity is a predic-
tor of their survival probability. For example, if users find an alternative outlet
or substitution for their addictive behavior (e.g., video games or sports), they
might have higher chances of successfully recovering from their gambling ad-
diction. Secondly, besides parsimonious sentiment measurements it might prove
feasible to include other indicators of emotion, such as valence, arousal, and dom-
inance [23,25,32]. Furthermore, incorporating word embeddings or other similar
text features into such analysis might prove fruitful as well [20].

Overall, our results may help in providing additional support to potential
problem gamblers in their strive to change their gambling behavior. For example,
senior users and users with a gambling-free flair should be encouraged—either
through subreddit rules or by bots—to support newcomers (support seekers)
when they post their very first submission. Moreover, we believe that our ap-
proach to analyzing social interactions in gambling self-help groups on Reddit
through the lenses of social impact theory can be useful for future studies of user
interactions in the context of online self-help communities.
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